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224. ﬂﬂﬁf HNFHUY Cauchy Machine (CM)

2.2.5. ezulidl §28aAn ATAN Adaptive Heuristic Critic (AHC)
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2.2.6. My Aad 12590 1WANTA Time Delay Neural Network (TDNN)
2.2.7. woarlaHenvl 521@ Wuvad Associative Reward Penalty (ARP)
2:2.8. 9Uau%F 1 WuAdS Avalanche Matched Filter (AMF)

2.2.9. wuAWes Iatadu Backpercolation (Perc)

2.2.10. 811 Artmap

2.2.11. ezualiiv Tadn a3sn Adaptive Logic Network (ALN)

2.2.12. uaaina ﬂai'?mi?u Cascade éﬁ}aﬁon (CasCor)

22.13. AWMU 1A NAIADS Bflended Kalman Filter(EKF)

2.2.14. AU nn,;@imauﬁw%u Leaning Vector Quantization (LVQ)
2.2.15. wsouiaadn #ison nt!iﬁs'n Probabilistic Neural Network (PNN)

12598 1AM N General Regression Neural
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v v
fleddunldiues fie HaiduBnuesd (Sigmoid Function) Werdudutula (Step

Function) , ﬂafﬁ?ummﬁm (Ramp Function) il ﬁqﬁi?mﬁ'umq (Linear Function)
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2.1. NfUDNUTY (Hebb s Rule)

Taslaia 18 (Donald Hebb) Wungiineafumsianuendndu ( ArasINYeIms
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