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2.3 ( Binary regression )
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Amold Zellner Tong Hun Lee(1965)

CO,l]
Zellner

1. Narrait Model (Normal Curve)
2. Logit Model (Logistic Curve)
3. Gompit Model (Gompertz Curve)

(Generalized least square)

(Generalized least Square method! GLS)

Heteroscedasticity
Efer) = 0 I *

E(e'e) = 6a va V ( Positive
definite) P PP*=V
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Arnold Zellner
Tong Hun Lee (1985) Vv Vv Estimated
Generalized Least Square (EGLS)
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3.1 Normit Model -
3.2 Logit Model
3.3 Gompit Model -
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E(ete ) =dav ~ V
V ‘v
X
V (Diagonal Matrix)
Normit Model!

vt = Ps1)7 1czePty 2 ...

Logit Model!

v1i = 1/n1$1%1

Gompit Model!
$1 = PtQU(MnM?2

11, $1

Unknown  Matrix i

§

1 Z(Pl) = 1/1ZT e ',,api

N *x

= X
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2.4 (Discriminant analysis)
2
2
2 1 1
10 0 (10 =)
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P) 1
( Cost of Msclassification ) ( Prior
Probability) n Fisher's Discriminant function (
) "Expected Cost of
Msclassification (ECM)"
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(Fisher, R A, 1938)
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y = IAx1+ I7xa + IgxX3 + ... + 1 X =1 X
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Y. Linear combination X’s
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(2.6)
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rs 1
d_A = 0
a1

"= ¢S (X1-{0) ; C =0
c = 1 1 Fisher's Itnear
discriminant function

" Prior Probability ~ Cost of
Msc lass ificat ion
1.
Fisher's Linear Discriminant function

3= 1 = ({LX0) o1 X

2. ynBwy discriminant function

X nmvf

X 1
3, Midpoint (m) ™= ({L)B) (*14)0)
2
4, X fl fO
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y - "< In C( |/0) e PO *nmw »)
C(0/1) Pt
° Anderson's classificaiion rule
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0
c(0/1) 0

0(10)  0(0/1)

] |
0(100)  0(0) ]

Prior Probability P1,P0 '
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