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Chapterl

Introduction

Background

Tourism industry has been one of the main businesses in Thailand. In 2019,
according to information from the ministry of tourism and sport, the total number of
Thai people traveling within the country shows 166.84 million/ time (Y-0-Y) created
income 1.08 trillion baht (Y-0-Y). A major turning point of the tourism sector has
changed when the coronavirus spread around the world in the first quarter of 2020.
Many businesses cannot open in full capacity work hours, due to limited open hours
and the order from government to stop spreading of Covid-19. Data in 2020 from the
ministry of tourism and sport shows the total number of Thai people traveling within
the country decreased from 166.84 million/time to 90.53 million/ time (Y-0-Y).
Figure 1 illustrates the decreasing number of Thai people traveling in each region of
Thailand in 2019 and 2020. In north eastern Thailand, in 2019 approximately 41
million people decreased to 22 million people which decreased half the number of
people (Ministry of tourism and sports, 2021). Without the travellers, the tourist
industry cannot drive. The marketing is a tool to help promote the tourism industry.

Figure 1:Number of Thai people travel within country
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Nowadays, most businesses use social media channels to promote products
and services. We cannot deny that social media plays a very important role in our
daily lives. Despite Coronavirus disease (Covid-19), there is a lockdown in the cities,
less and less people are leaving home and part of workers need to work from home.
In 2020, the average of using social networks increased to 43 percent of age 16 to 64
from the past year. Meanwhile, the average of Thai people during Covid-19 situation
spent on social media is 2.49 hour on a daily basis from age 16 to 64 (We are social &
Hootsuite, 2020). However, the research showed that about 56 percent of Thai
population who use social media have been using social media as a source of
information before making any decision on purchasing products (We are social &
Hootsuite,2020). Hence, every business should pay more attention to promoting brand
awareness or provide a good realistic review on social media platforms.

In a part of marketing, one of the famous marketing tools is called social
media Influencer marketing which reaches engagement of people, brand awareness,
and purchasing decisions (Brown & Hayes, 2018). The content can be divided in
many sectors such as travel, food, beauty, kids and so on. The purpose of an
influencer is to build a positive brand experience through individual experience.
Influencer is someone who has a certain number of followers in social media and the
follower also has the same common following. Influencers is defined as people who
build a large network of followers, and are counted as trustworthy people in a specific
field or in niches ability (De Veirman et al.,2016). Influencers use Word-of-Mouth
(WOM) to explain their own experiences which are more reliable than usual
commercials. Especially, Tourism sector, which is an intangible product, Word-of -
Mouth can help consumers make an easy decision (Litvin et al., 2008,). Recently, the
growth of technology in communication on social media has transferred from
Word-of-Mouth (WOM) to electronic Word-of-Mouth (eWOM). Electronic Word-of-
Mouth (eWOM) uses a platform in internet channels such as social media, blogs
where people can interact with other people by commenting or sharing ideas and
experiences (Brown et al., 2007). In Thailand, the famous platforms for social media
influencers are Youtube, Instagram, Facebook, and Twitter were 41.17 percent, 26.66
percent, 26.12 percent, and 6.05 percent, respectively (Infoquest Limited, 2021). The
travel content was the highest number of followers interest the most, it shows 61.2
percent of respondents (prachachat, 2019). Nowadays, not only friends and relatives
but also the influencer on social media has an impact on travel plans. People are
searching for information about destination travel through social media (Xiang &
Gretzel, 2010). The positive relationships in social media influencers were able to
demonstrate consumer attitude and purchase intentions (Lim et al., 2017). Meanwhile,
the research shows that travel influencers in social media can inspire their followers to
go to the same place (Magno & Cassia, 2018). Similarly, Xu & Pratt (2018) said there
was a significant on visit intention throughout the social media influencers destination
commercial.



Address with the tourist sector, risk perspective impact to the decision-making
in travel (Maser & Weiermair, 1998). There are various risk categories in the tourism
area such as functional risk, psychological risk, social risk, financial risk, time risk,
and physical risk (Stone and Grgnhaug, 1993). Law (2006) defines risk in the tourism
sector as disaster, shock, and threats. Coronavirus disease or called Covid- 19
identified as one of the risk perspectives in the tourism sector. The definition of
Covid-19 stands from the coronavirus disease that happened in 2019 (WHO, 2020).
The side - effect of Covid-19 pandemic spread out over the world has affected the
travel sector the most. Many countries have locked down their cities, also Thailand
locked down at the end of March 2020. While staying at home, people who are
vacation-hungry travel in the research said 68 percent of Thai people spend time once
a week looking for travel inspiration (Booking.com, 2020).

This study aims to focus on the relationship of social media influencers on
travel content and travel intention during Covid-19. Social media influencer also
divided into two periods which before Covid-19 and during Covid-19 to test during
Covid-19 to test during Covid-19 has increased the intention or not. Also, this
research tests other variables that can relate to the travel intention. According to,
Covid-19 pandemic is continuing to stay with us for a long while which will be more
affected to the tourism industry. The study would give an idea for readers who are
interested in this topic. Moreover, it would give an idea for the owner of the travel
business to decide about using influencer marketing during this pandemic in the future.

The method in this paper uses quantitative research collecting primary data by
using a survey online questionnaire to collect the simple data. Regarding the data
analysis process, this process is calculated by Social Science (SPSS) and Excel.
The proposal of the model by using a multi regression method to examine data
relationships between independent variables and dependent variables.

The research is divided into six chapters, the first chapter is an introduction
that describes the overall background of the research, research question and partly of
methodology, and research structure. The second chapter is a literature review which
reviews previous research related to this research. The third chapter is a theoretical
framework which details theory research. The fourth chapter is an empirical model of
this research. The fifth chapter is presenting the result from the collecting data and
analysis. The last chapter is a summary and discussion for the conclusion of
this research.



Chapter 2

Literature review

In this section put forward to the previous literature, theories, and the result.
The overall literature relates to the hypothesis on electronics Word-of-Mouth
communication (eWOM), social media influencer, and risk perceived in pandemics.

The traditional Word-of-Mouth (WOM) usually received information from
friends and relatives (Fodness & Murray, 1999). With the change of technology, the
new form of word-of-mouth (WOM)called electronic Word-of-Mouth communication
(eWOM). Social media helps to spread electronic Word-of-Mouth communication
(eWOM). In the travel industry, eWOM helps to explain the individual’s behavioural
intentions. Jalilvand et al. (2012) put on the concept of eWOM examine relationship
in destination image, tourist attitude toward destination and travel intention in Isfahan,
Iran. The measurement model uses structural equation modelling (SEM) to research
relationships among the variables and variables of socio-demographic was analyzed
by one-way analysis of variance (ANOVA). The outcome showed the SEM model fit
with the data and all of them were significant and positive. Socio-demographic results
also relate to the eWOM. Likewise, Liang et al. (2013) apply the concept of eWOM to
travel attitude as the test of hypothesis of relationship among electronic
communication technology (Facebook, blogs), consumer dis/satisfaction with travel
consumption experience, subjective norm, and attitude towards eWOM
communication. The result, collected from international travelers in the United
Kingdom (UK), showed that electronic communication and subjective norms were
strongly significant to travelers toward eWOM communication. Also, the result
consumer dis/satisfaction with travel experience and attitude toward showed positive
to eWOM. This present model by using structural equation modelling (SEM),
confirmatory factor analysis (CFA), and chi-square statistics which allow to stimulate
the best result. Since the eWOM in social media has a significant on travel attitude
toward subject norms. Moreover, the researcher shows eWOM in both positive and
negative ways in social media has an impact on travel attitudes. Social media
influencers use eWOM to spread the positive and encourage others to visit places in
the future. The eWOM needs to be examined in this paper.

Meanwhile, Kuo and Nakhata (2019) express the impact of eWOM on client
satisfaction in Amazon’s Mechanical Turk (MTurk), United Stated. The hypothesis
tests the impact of eWOM among consumer satisfaction, consumption goal, actual
experience and includes anchoring effect. As a result, eWOM, consumption goal, and
real experience were significant.



When customers read the positive or negative comment from eWOM about a
hotel, the outcome of satisfaction positive(negative) relates through the comment
could lead to the anchoring effect which relates to the previous research (Lee et al.,
2008). The key shows when task investment was low, it utilized the strong anchoring
effect of eWOM on customer satisfaction. This research was conducted by analysis of
ANOVA and analysis of covariance (ANCOVA). In this paper, electronic Word-of-
Mouth (eWOM) in social media in both positive and negative comments has an effect
on the decision making in travel. It will be studied in this paper whether the content of
social media influencers dominate travel intentions in Thailand.

There was a lot of research utilizing the relationship between social media
influencers (SMIs) and travel intention (Magno & Cassia, 2018; Lim et al., 2017,
Zhang & Huang, 2021). At the same time, the credibility of influencers were the
source of an effective message to customers (McGuire 1985). Similarly, the research
from Lou & Yuan (2019), collecting data from Amazon’s Mechanical Turk (MTurk)
in the United States, about how credibility on influencer marketing content on social
media affects customer trust in brands. They focused on social media value models
which were advertising content value, perceived trust, influencer credibility, brand
awareness, and purchase intention. Influencer credibility consists of expertise, trust
worthiness, attractive, and similarity. The respondent of this survey regularly uses
social media at least one account. The authors used Partial least squares (PLS) path
and structural equation modelling (SEM) to analyse the sources. PLS and SEM
(PLS-SEM) are able to be used in both small and large sample sizes. It positively
affects the follower on trust in Influencer credibility and other variables. As stated in
the credibility and trust would be the main concern to follow on social media
influencers to receive the message. This needs to be included in this paper since the
research relates to social media influencers.

Besides, Cholprasertsuk et al. (2020) utilize travel intention and social media
influencer in Thai tourism segment. Also, they examine the trust in SMI. The authors
use tourists’ behavior, travel motivation, and influencing factors as a variable to
examine Thais people by using both qualitative and quantitative data. The research
questions about travel decision and effect influence by SMIs, the social platform for
following SMIs, and information quality from SMIs. Mixed method analysis analyses
that they were influenced by social media influencers on Thai people's decision of
travel. Some of the interviewees said “influencers in social media give more detail
of destinations better than friends and family”. Moreover, the factor of trust in SMIs,
quality of content, relationship with influencer and product, and customer
involvement were important for the decision.



According to the social media influencer has an impact on the customer's
decision. This variable needs to be examined. Based on this paper is also able to be
used as the role model about SMIs, quality of content, and travel motivation in
Thailand. Similarly, Pop et al., (2021) also examine travel motivation on trust and
customer decision in social media influencers (SMI). The role of customer decision or
customer decision journey consist of demand on travel, information search, evaluation
alternatives, and purchase decision. Also, this research includes satisfaction and
experience sharing after travel. Collecting data in two generations are generation Y
and generation Z in Romania. Romania is an emerging market and fast growing in
internet users. The researcher used a reflective and structural model to analyse the
result. Sum up the positive result of trust in SMI on decision making in the stage of
demand travel and information search.

One of the key factors related to the travel decision-making was risk
perception and information search (Maser & Weiermair, 1998). Stone and Grgnhaug
(1993) described the risk categories as functional risk, psychological risk, social risk,
financial risk, time risk, and physical risk. Sénmez and Graefe (1998) have added
three more risk for concerning in travel which were health, terrorism, and political
instability. The study from An et al. (2010) which adapted research from Sénmez and
Graefe (1998) by choosing physical risk, political risk, and performance risk and
added natural disaster risk. Physical risk is defined as physical during travel from
accident, disease (HIV, SARS), and so on. Performance risk defined as travel cost and
opportunity cost. This research finds a relationship between perceived risk, travel
satisfaction, and travelers' keep purchase intention on air traveller satisfaction in
South Korea. Regression analysis investigates risk and travel satisfaction and
repurchase. As a result, performance risk and physical risk has significant travel
satisfaction. Meanwhile, repurchase intention was affected by disaster risk,
performance risk, and political risk, respectively but not impact on physical risk.

According to, Khan et al. (2019) research perceived risk and visit intention in
young women travelers in Malaysia by partial least squares (PLS) and structural
equation modelling (SEM). The data collected only from women aged between
18 to 35 years old. The outcome reveals that even a high perceived risk of physical
risk but higher travel motivation can drive force to the travel destination which does
not care about the risk. Even these two researchers were not examined during the
pandemic. But, the two research papers were related to the perceived risk in travel
which relate to this paper question.



With the exposed coronavirus pandemic (Covid-19), Similarly, Sanchez-
Caniizares et al. (2020) research resident the travel intention impact from perceived
risk during Covid-19 pandemic in Spanish. This study examines the travel plan
behavior (TPB), willingness to pay (WTP), and perceived behavioral control (PBC).
The model for testing hypotheses using the Partial Least Squares (PLS) and structural
equation modelling (SEM). The result showed even during the Covid-19 screen if
they have a positive attitude on travel, people intention to travel in this period but only
limited to influence on intention. There are limited decision-making processes and
intentions during the travel pandemic. Hence, this research paper needs to take
perceived risk into the experiment to see how the relation of travel intention and
perceived risk change during the pandemic screen.



Chapter 3

Theoretical Framework

3.1 Theory of planned behavior (TPB)

To find out the factor of customer intention in travel the previous studies give
the information of customer behavior which relate to the theory of planned behavior.
Theory of planned behavior (TPB) is a framework which is used in marketing to
predict and describe individual behaviors. Lam & Hsu (2006) argued the TPB model
is fitted well to predict the travel intention of customers. Many researchers have
shown that theory of planned behavior (TPB) relates to travel intention (Lam & Hsu,
2004; Quintal et al., 2010; Sanchez-Cafiizares et al.,2020).

Theory of planned behavior (TPB) is the social psychology theory that links
belief to human behaviors (Ajzen, 1987; 1991). This theory model is adapted from the
theory of reasoned action (TRA). Theory of reasoned action (TRA) explains the
relationship between attitude and behaviors in human reaction (Ajzen & Fishbein,
1977). TRA is not the best to predict human behaviors. Ajzen (1991) formed the new
theory from TRA by adding perceived behavioral control which is called the Theory
of planned behavior (TPB). Ajzen (1991) described perceived behavioral control as
actual behavior and impact on intentions and actions. The main core variables of TPB
theory divided into three variables are attitude, subjective norm, and perceived
behavior leading to the behavioral intentions.

Figure 2:Theory of planned behavior (TPB)

Subjective
Norms

Behaviour

-
-
-
-
-

Perceived
Behavioural
Control

Source: Theory of planned behaviour (Ajzen, 1991)



Figure 2 shows the real behavior occurring when combining attitude,
subjective norm, perceived behavioural control, and intention. The arrow from
attitude links between subjective norm and perceived behavioural control. All three
variables directly lead to the intention and then show the behavior of that intention.
Meanwhile, perceived behavioural control can be a direct variable leading to the
behavior without passing through the intention.

The first process is attitude or a self- expression of positive or negative
thoughts that can express favorable and unfavorable evaluation of the behavior
interest (Eagly & Chaiken, 1998). The performance of the behavior can be influenced
by behavioral belief and outcome evaluation. Behavioral belief is a consequence of
carry out behavior. Outcome evaluation is considered the outcome of behaviour. The
attitude toward behaviour refers to the degree of behavioral belief toward a person.
The positive attitude in travel can lead to travel intention (S&nchez-Cafiizares et
al.,2020)

Second, subjective norms (SN) or perceived social pressure refer to the
expectation from other people who have influenced the individual perspective such as
someone who you admire, friends, families, and so on. This is related to the
perspective of injunctive norms and descriptive norms. Injunctive norms are the sense
of what other people want him/her to do. Descriptive norm is the individual
perspective of how most people will react in the situation. Social influence in
subjective norms has an influence in the behavior intention (Sparks & Pan, 2009).

Third, perceived behavioural control (PBC) or self - efficacy is a function of
people’s perception of their ability to perform a given behavior. Perform could be
easy or difficult of performing behavior which is across different situations. Also,
Conner & Armitage (1998) support the idea that PBC is the same as self - efficacy.

Behavioral Intention (BI) refers to the individual’s motivation factors that
influence behavior where it is strongly to perform or react in that action. Behavioral
intention which is affected by attitude and subject norm (Ajzen & Fishbein, 1977).

From the theory, it is clear that attitude, subjective norms, and perceived
behavioral control lead to an intention (travel intention) and later lead to the behavior.
For example, if someone believed that travel is a good way to relax (attitude). The
customer also believes that everyone thinks it is a good idea too (subjective norms).
Moreover, customers are able to handle or have the ability to have time and money for
travel (perceived behavioural control), and it leads to behavioral intention. In order to
use the theory of planned behavior is an appropriate conceptual framework for finding
the intent of travel in Thailand
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3.2 Consumer decision process

According to, find out the relationship of eWOM and social media influencers
on customer intention of travel. Chen et al., (2015) found that the customer decision
process on the stage of information search, evaluation, and purchase decision has
related to the online holiday purchase. Also, Chen et al. show the result of eWOM on
decision making has an impact on the travel segment. These also have a similar model
called customer decision journey. Customer decision journey or customer purchase
journey consist of four states which are awareness, evaluation, purchase, and post
purchase experience (Lemon & Verhoef, 2016). But the step of the customer decision
process in information search is more strongly related to the research question.

The consumer decision process is the transaction before, during, and after the
purchase of goods and services (Kotler & Keller ,2016). The buying decision model
also can be used in the travel segment (purchase in services). Guerreiro et al. (2019)
to find that the information search step was related to the travel intention.

Figure 3:Five stage Model of the customer decision model

Problem Recognition

Information Search

Evaluation of altematives

Purchase Decision

Postpurchase Behavior

Source: Kotler & Keller (2016)

First stage is problem recognition (awareness). This stage happens when
customers recognize their need or want from product and service. Need recognition
can be caused from internal or external factors which can drive the step of purchasing
(Kotler & Keller, 2016). The internal factors cause an emotional need such as hunger,
sleepiness, and so on. The external factor is from the advertising.
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Second stage is information search (research) after the customer recognizes
their need, its drive to the searching stage. Customers search for the information that
they want from various sources such as the website, social media, family, friends, and
so on. According to Xiang & Gretzel (2010), social media is one of the sources that
people look for information about travel plans.

Third stage is evaluation of alternatives (consideration), after the customer
recognises all the information from searching. This step customers choose the best
option of product or service to match their needs. The two major types of evaluation
are objective and subjective. Objective can be the price, feature, and function of
products and services. On the other hand, subjective is about feeling or past
experience of products and services.

Fourth stage is the purchase decision, since receiving all the information and
comparing the best option for the customer needs to make a purchase process. It could
have an unexpected situation factor that cannot lead to the actual purchase (Kotler &
Armstrong, 2017).

Fifth stage is post purchase behavior or step of re-purchase. Last stage,
consumers are either satisfied or dissatisfied after receiving products or services.
If customers are satisfied with it, it will lead to the repurchase step. Besides, it also
depends on the level of satisfaction after services (Pizam & Mansfeld, 1999).

Customer decision process models support the theory of planned behavior,
however, without the problem recognition or customer need cannot lead to the
intention. From the model, it is clearly on the information search stage related to the
influence not only from social media but also people surrounding customers which is
a subjective norm. Furthermore, travel is a service product which is intangible, people
need to search information for the decision process and make a plan before travel.
Customer decision process has relevant travel intentions.
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Chapter 4
Empirical Model

4.1 Concept framework

Figure 4: Conceptual framework

Customer decizion

Problem recognition (awareness)
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In order to provide the factor of travel intention in Thailand, this research uses
two main theories which are theory of planned behavior and customer decision
process. Theory of planned behavior and customer decision process, perceived risk,
eWOM, and social media influencer are independent variables. Dependent variable is
the intention to travel in Thailand. Theory of planned behavior consists of personal
attitude, subjective norms, and perceived behavioral control. Each variable is able to
break into sub-variables. Attitude is linked to personal experience. Subjective norms
consisting of friends and family who have influence in our individual perception.
Perceived behavioural control divides into time and money. Customer decision
process chooses only two stages to link to travel intentions: problem recognition and
information research. Problem recognition consists of trust and trend of social media
influencers. eWOM and social media influencer links to the channel of information
search. Perceived risk in Covid- 19 divides into physical risk and finance risk.
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The variable can indicate the result in positive and negative ways. In this
research focus on social media influencers and perceived risk because the researcher

expects there are the main travel intentions in both positive and negative.

Table 1: The variable in research

Variables

Positive
/Negative

Source

Problem/need recognition
on SMI

The measurement use Likert scale 1- 5
(strongly agree — strongly disagree)

- Trust

- Trend

Positive

Trust is related to positive SMI trust to
lead to the travel intention
(Cholprasertsuk et al.,2020).

The information of SMI in Trend is
expected to be positive because it
comes and goes very quickly.
Nowadays, trends are driving the
intention to do something.

Information search

The measurement use Likert scale 1- 5
(strongly agree — strongly disagree)

- eWOM

- Social media
influencer (SMI)

Positive

eWOM is expecting to be positive
because in the research from Jalilvand
et al. (2012) shows that there is an
relation between eWOM and travel
intention

Social media influencers are expected
to be positive to travel intentions
(Magno & Cassia., 2018 and Lim et
al.,2017).

Theory of planned behavior
during Covid- 19

Attitude

The measurement use Likert scale
1- 5 (strongly agree — strongly
disagree)

- Personal experience

Positive

Personal experience assumes positive
because customers receive a good
experience. It is related to the
emotional experience (enjoy, interest)
on travel which was able to use the
ranging (Hsieh et al., 2016).
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Subjective norm

The measurement use Likert scale
1- 5 (strongly agree — strongly
disagree)

Friends and family positive variables

- Friends Positive | are assumed positive. Questionnaire
- Family adapted from Sanchez-Cafiizares et al.
(2020)
Perceived behavioural The measurement use Likert scale
control 1- 5 (strongly agree — strongly
disagree)
_ N Both variables expect to have a positive
- Time Positive | relationship on travel intention. As the
- Money travel needs to have time and money to
spend on.
Intention travel in | Positive | Intent is expected to be positive to
Thailand intend Thai people to travel in Thailand
during Covid-19 by using the 5 point scale to measure.

_ _ _ The measurement use Likert scale
Perceived Risk during 1- 5 (strongly agree — strongly
Covid-19 disagree)

- Physical risk is Both variables are defined as positive
defined as disease variables. The research from Khan et
Positive

from Sanchez-
Canizares et al.
(2020)

- Financerisk is
defined as the cost of
travel

al. (2019), Sénmez and Graefe (1998)
and Sanchez-Cafiizares et al. (2020)
found that they have a positive effect
on travel intention.

The survey is separated into five sections and the questionnaire is a closed
ended question and snowball sampling. The measure scale used the Likert scale
divided into five -point (strongly agree (5), agree (4), neural (3), disagree (2), and
strongly disagree (1)). Also, the measurement uses a dummy variable for the multiple-

choice question.
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First part is the question screening using a yes-and-no question (nominal
scale). The question asks about whether the respondent is using information from
online reviewers or influencers to help you make decisions in travel or not. Another
question is whether the respondent’s intention is to travel soon or not. If both of the
questions answer no, it means the respondents cannot continue to do the questionnaire.
This part will help to prevent the error answer.

Second part is demographic and general information by answering multiple
choice questions. Demographic consisting of gender, age, level education, income
(per month), occupation, and status. Demographic question followed by the previous
research (Cholprasertsuk et al.,2020; Tsao et al.,2015). In Thailand, the general asks
the salary per month, not in the annual year. The range of income is divided into five
scales; less or equal to 15,000 baht, 15,001 — 35,000 baht, 35,001 — 55,000 baht,
55,001 — 75,000 baht, and more than 75,000 baht per month. The first range starts
from lower to minimum income in Thailand. Other ranges refer to the Techsauce
(2020). This part uses descriptive statistics which consist of minimum, mean, standard
deviation to generate information. Age section is divided into five generations which
are the silent generation (above 77 age), baby boomers (57-75 years), generation X
(41-56 years), generation Y (25- 40 years), and generation Z (under 25 years old).
The general question is the frequency travel in Thailand during the past one year, and
the channel of following social media influencers.

Third part is about the customer decision process on social media influencer
problem recognition and information search to the travel intention. The questionnaire
generates quests before and after having Covid-19. This part uses five scales from the
Likert scale.

Fourth part is the planned behavior related to attitude, subjective norm,
perceived behavioral control, and intention during the Covid- 19. This part uses five
scales from the Likert scale to measure the answer.

Last part is about perceived risk on physical risk and performance risk during
the travel in Covid -19 situation. This part uses five scales from the Likert scale. The
survey format has been attached in the appendix.



16

4.2 Multiple Regression Model

This study uses multiple regression analysis to analyse and predict the
relationship of all variables to the intention to travel in Thailand.

Multiple regression of this research:

¥y = Bo + BiTrust + B,Trend + f;eWOM + [,SMI_befo + sSMI_Co +
BePerson + B, Fri+ g Fam + By Time + B1o Mon + 1, Phy + [1,Fin + ¢

In the model, the dependent variable, yis denoted as the travel intention in

Thailand. B (beta) is regression coefficient. f1 to f12 is the coefficient of each

variable that effect to intention to travel in Thailand. ¢ is an error.

The 12 independent variables that factor to the travel intention can be expected
as the follow:

Trust is the trust of the information from the social media influencers in travel
content.

Trend is denoted as the tourism trend in this period the social media
influencers presented.

eWOM denoted as electronic word of mouth which is found in social media
which is from other customer written information or suggestions on the internet such
as comments in Facebook.

SMI_befo is denoted as social media influencers before covid.

SMI_co is a social media influencer during Covid-19 situation.

Person is denoted as Personal experience on travel which causes travel

intention.

Friends is denoted as the friend's opinion that affects travel intention.

Fam is denoted as a family’s opinion that affects travel intention.

Time is the ability of respondents to have time to travel.

Mon is denoted as money that respondents have the ability to spend during the

trip.

Phy is denoted as a physical risk which is an accident or disease during the

travel.

Fin denoted as finance risk which is the cost of travel.
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Chapter 5
Data Analysis

5.1 Data collected

All the respondents were selected from the Thai people who intend to travel in
Thailand. The formula for finding the sample size from Cochran’s formula for the
large populations (Cochran, 1963).

Z?% pq J (1.96)? (0.5)(0.5)
ez 'z, (0.05)2

Ng = =385

Formula explained N is the population of sample size. Z or z-value is the
standard score (1.96). p is estimated as the proportion of the population (0.5). q is
from 1-p (0.5). e is the margin error 5 percent or 0.05. The sample size is equal to 385
people. However, it would be better to have a sample size equal to 400 people to
prevent mistakes in the survey. The total data from the collecting form is 412 samples
but can use only 322 to analyse. According to the screening part, there are 90 samples
that do not fit the scope of population and data.

The author conducts the survey through the Google form because there is no
charge fee, easy to use, and many designs of questionnaires suitable for the survey
(Travis, 2010). The fact that researchers choose to distribute the questionnaire online,
due to the abnormal situation of the coronavirus pandemic. During the pandemic
people need to do social distance and stay home rather than go out. Applying the
questionnaire online is safe for respondents which is suitable for this situation.
Moreover, collecting data online is more convenient than other forms. The
questionnaire is distributed through the online platform via Facebook, Line, Instagram,
and other social media platforms which are able to spread to various groups of
respondents

The measurement of Likert Scale divides into 5 levels which shows in the below
Table 2:The measurement of Likert Scale and score interval

Levels Score Score interval
Strongly agree 5 4.21-5.00
Agree 4 3.41-4.20
Neural 3 2.61-3.40
Disagree 2 1.81-2.60
Strongly disagree 1 1.00-1.80
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5.2 Basic statistic

The basic statistic collecting data from the google form. Data analysis shows
the statistics in minimum(min), maximum (mix), mean, standard divination (S.D), and
percentage. The basic statistics are divided into 5 parts which are the screening
question, demographic and general information in travel, customer decision process,
theory of planned behavior, and perceived risk.

Partl: The screening questions

This part displayed the amount and percentage in the table, bar chart or pie
chart to show in each questionnaire.

Table 3:Shows the amount and proportion of people who use social media influencers
on travel content (tourism blogger and reviewer) for travel decisions.

Amount Percentage
Yes 366 88.8%
No 46 11.2%
Total 412 100

It shows that most of the people from respondents use social media influencers
on travel content to make a decision plan. There is 88.8 percent answered “Yes” and

only 11.2 percent answered “No”.

Table 4:Show the amount and proportion of people who intend to travel soon.

Amount Percentage
Yes 342 83 %
No 70 17 %
Total 412 100

From this part, it shows that there are some people who are not intent on
traveling soon (17 percent). There are only 322 respondents who answer “Yes” on
both questions which are fit to this research question. This research used only 322
respondents to do the statistics.
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Part 2: The demographic and general information in travel.
Demographic information consists of five questions and general information
in travel compose with three questions.

Table 5:Respondent’ Gender

Gender Amount Percentage

Female 219 68.01%

Male 103 31.99%
Total 322 100%

Figure 5:Percentage of respondents’ Gender.

Gender

Fernale
G3%

= Female = hale

In table 5 and figure 5 illustrates the percentage of respondents in gender that
the percentage of females greater than male respondents more than one time, amount
68 percent and 32 percent, respectively.



Table 6:Respondent’s Age
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Age Amount Percentage
Below 25 years old 34 10.56%
25 -40 years old 138 42.85%
41-56 years old 41 17.32%
57-75 years old 109 33.85%
Above 75 years old 0 0%
Total 322 100%
Figure 6:Percentage of respondents’ age.
Age
45.00% 42.85%
40.00%,
35 00% 33.85%
30.00%
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20.00%, 17.32%
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Above show the respondents age divided into five group which were
generation Z (below 25 years old), generation Y (25-40 years old), generation X
(41-56 years old), baby boomer (57-75 years), and silent generation (above 77 age),
accounted 10.56 percent, 42.85 percent, 17.32 percent, 33.85 percent, O percent,
respectively. There was no response from the silent generation. Most of the responses

were from 25- 40 years old in generation Y.
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Table 7:Education Level

Education level Amount Percentage
Less than Bachelor’s degree 17 5.28%
Bachelor’s degree or 188 58.39%
equivalent

Master’s degree or 111 34.47%
equivalent

Above Master’s degree 6 1.86%

Total 322 100%

Figure 7:Percentage of respondents’ education level

Education level

T0.00%
RO 00% 58.30%
A0.00%
40.00% 34.47%
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0.00% ]
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Bachelor's degree  or eguivalent equivalent degree

From the above table and bar graph, most of the respondents were educated.
More than half of respondents have a bachelor's degree (55.39 percent). There were
34.47 percent in master’s degree or equivalent. Next, the number of degrees less than
bachelor’ degree was 5.28 percent. Last above master degrees were only 1.86 percent.




Table 8:Work status
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Amount Percentage
Work 206 63.98%
Not work 116 36.02%
Total 322 100%

Figure 9:Number of respondents in each group of work status classify by age

Figure 8:Percentage of respondents work status

Work status
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In figure 8 and table 8 shows work status between work and not work, there
were half of the number who were not working (36 percent). Compare with the figure
9 below to illustrate between work status and age generation. It illustrates the high
number of not workers who were at age 57 -57 years old in the age of retirement. The
high number of workers was 25-40 years old.
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Table 9:Income per month

Amount Percentage

Less than or equal to 15,000 58 18.01%
baht

15,001 - 35,000 baht 134 41.61%
35,001-55,000 baht 68 21.11%
55,001-75,000 baht 28 8.7%
More than 75,000 baht 34 10.57%

Total 322 100%

Figure 10:Percentage of respondents’ income per month

Income per month
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The data shows that the highest monthly income was in the range of 15,001 to
35,000 baht (41.61 percent). In Thailand, the minimum payment of the bachelor
degree is in 15,000 baht which is in this range. The second monthly income is in the
range of 35,001 to 55,000 baht shows 21.11 percent. Monthly income less than or
equal to 15,000 baht, more than 75,000 baht, and 55,001 75,000 baht, accounted for
18.01 percent, 10.57 percent, and 8.70 percent, respectively.



Table 10:Who you travel with.

24

Amount Percentage
Alone 22 6.83%
Friends 139 43.17%
Spouse 128 39.75%
Family 33 10.25
Total 322 100%

Figure 11:Percentage of respondents’ who you travel with.

Who you travel with
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In terms of travel with whom, 43.17 percent of respondents travel with friends
in the first place. Secondly, traveling with a spouse shows 39.75 percent. The least

were family and alone shows 10.25 percent and 6.83 percent, respectively.
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Table 11:The travel frequency during the past one year.

Amount Percentage
Never 48 14.91%
1- 3 times 188 58.39%
4 - 6 times 57 17.70
More than 6 times 29 9.01%
Total 322 100%

Figure 12:Percentage of respondents’ travel frequency during the past one year.

The travel frequency
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In figure 11, More than half of the respondents traveled 1-3 times in the past
one year (58.39 percent). Travel 4-6 times accounted for 17.70 percent. It showed
only 14.91 percent never traveled during the past one year. Also, there was only 9
percent who traveled more than 6 times. Compare with the below figure 12 between
travel frequency and age generation. It illustrated that the ages 57 - 75 years old
(generation baby boomers) have a higher number of never traveling than other
generations (19 people). The highest number of 1-3 times was at the age of 25 -40
years old (88 people). Even at the age 57 - 75 years old shows the highest in never
travel, but also a group of this age travel nearly to the age of 25- 40 years old on travel
4-6 times (22 people) and more than 6 times (11 people).
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Figure 13:Number of respondents in travel frequency classify by age generation.
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Table 12:The channel for searching information or follow social media influencers in

travel content (able to choose more than 1 answer)

Channel Amount Percentage
Facebook 251 36.17%
Instagram 123 17.72%
Twitter 38 5.48%
Youtube 255 36.74%
Tiktok 14 2.02%
Other 13 1.87%
Total 694 100%
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Figure 14:Percentage of respondents’ use to follow or searching information
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From data on above table 12 and figure 14 illustrated that the highest channel
that respondents use to search and follow the social influence was in Youtube channel
(36.74 percent). Facebook, Instagram, Twitter, and Tiktok, shows 36.17 percent,
17.72 percent, 5.48 percent, and 2.02 percent, respectively. Other channels from
respondents mean Google and Pantip. From the data show respondents have more
than one channel to follow or search.
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Part 3: Customer decision process
This part focuses on customer decisions on travel through the social media
influencer before and during Covid-19 appears.

Table 13:Need recognition

Variables Min Max Mean SD
Need recognition 1 5 3.75 0.86
Trust 1.67 5 3.74 0.65
Before Covid-19 2 5 3.90 0.67
The information that travels influencers 1 5 3.92 0.74

offer is reliable.

You want to go to the attractions as 1 5 3.88 0.78
suggested by the influencer.

In Covid-19 situation

In the Covid-19 situation, you think the 1 5 3.43 0.87
information that the influencer offers is

more reliable.

Trend 1 5 3.76 0.63
The information that travel influencers 2 5 4.17 0.71

offer is interesting and trendy.

In Covid-19 situation

In the Covid-19 situation, you think the 1 5 3.34 0.90
attractions that influencers offer are
safe and trendy.

As the data from table 13, the overall trust was 3.74 in the level of agreement.
Before the Covid-19, it shows overall in 3.90 which is higher than during Covid-19 in
3.43. The over all of Trend is 3.76. Before Covid-19, it shows 4.17 which is strongly
agreed. On the other hand, in Covid situation it shows 3.34 which was neural.




Table 14:Information search
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Variables Min Max Mean SD
Information search 1 5 3.93 0.93
eWOM 1 5 4.16 0.63
Before Covid-19 15 5 432 0.68
You use social media to find
information about your next trip. 2 5 4.39 0.72
You read comments on social media in
order to make decisions. 1 5 4.26 0.79
In covid-19 situation 1 5 3.73 0.98
In the Covid-19 situation, reading
social media comments Build more 1 5 3.84 0.91
confidence in traveling.
Social media influencer (SMI) 1.25 5 3.74 0.77
Before Covid-19 1 5 3.92 0.78
You use information that influencers
offer as options in the next trip. 1 5 3.92 0.78
In covid-19 situation 1 5 3.69 0.85
In the Covid-19 situation, the
information that influencers offer 1 5 3.79 0.97
makes you want to travel more.
In the Covid-19 situation, you think
social media influencers can provide 1 5 3.64 0.96
better travel information than friends or
family.
In the Covid-19 situation, you have to 1 5 3.65 1.05

follow more influencers.
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The statistic shown in table 14 about information search overall was agreed
(3.93). This part divided into 2 main variables were eWOM and social media
influencer by divided before and during Covid-19. The overall of eWOM shows 4.16
which was strongly agreed. Before Covid-19 illustrated 4.32 which was higher than
during Covid-19 in 3.73 (agree). For the overall social media influencer (SMI) shows
3.74 which was in agreement level. Also, during the Covid-19(3.69) shows less than
before Covid-19 (3.92).

Part 4: Theory of planned behavior to predict the intention to travel within the
country.

Table 15:The statistic on attitude, Subjective norms, and perceived behavior control
during Covid-19 pandemic.

Variables Min Max Mean SD
Attitude (personal experience) 1 5 3.75 1.17
In the Covid-19 situation, travel helps 1 5 3.75 1.08

you to release stress.

In the Covid-19 situation, tourism is

more interesting than the normal 1 5 3.25 1.22
situation.
In the Covid-19 situation, tourism is 1 5 4.25 0.96

peaceful because of a few tourists.

Subjective norm 1 5 3.74 0.96

Family

In the Covid-19 situation, you are
influenced by the opinions of your 1 5 3.78 0.97
family when making travel decisions.

Friend

In the Covid-19 situation, you are
influenced by your friends' opinions 1 S 3.69 0.95
when making travel decisions.
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Perceived behavior control 1 5 3.83 1.12
Time

In the Covid-19 situation, if you have

time or vacation, you choose to travel 1 5 3.80 1.13
within Thailand.

Money

In the Covid-19 situation, if you have 1 5 3.85 1.11

money, you will choose to travel within
Thailand.

Information from table 15 shows that the overall from perceived behavior
control is the highest agreement in 3.83. The respondents agree for having money
(3.85) higher than time (3.80) to choose travel within Thailand. In attitude, the strong
agreement to travel during Covid-19 is peaceful (4.25). For subjective norms, family

shows 3.78 has affected the opinion more than a friend for making travel decisions.

Table 16:Intention to travel during Covid-19 pandemic.

Variables Min Max Mean SD
Intention 1 5 3.83 1.16
You intend to travel within the country 1 5 4.09 0.95
soon.
You intend to travel in the country only 1 5 3.87 1.15
after receiving the vaccine.
You only intend to travel in the country 1 5 3.53 1.28

after the Covid situation disappears.

From the statistic table 16 illustrate that the overall intention was 3.83 which
was in the level of agreement. The intent to travel within the country was to agree
(4.09). Intent to travel after receiving the vaccine and intent to travel after Covid
disappears shows 3.87 and 3.53, respectively.
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Part 5: Perceived risk analysis

Table 17:Analysis perceived risk during the Covid-19

Variables Min Max Mean SD

Physical risk 1 5 3.59 1.16

During travel in Covid-19 situation, it
causes more theft than normal situations. 1 5 3.07 1.19

During travel in Covid-19 situation, you

think that wearing a mask and washing 1 S 4.10 0.88
your hands frequently can avoid

infection.

Financial risk 1 5 4.08 0.89

You think the cost of travel during the
COVID-19 pandemic is less than the 1 S 4.06 0.90
normal situation.

You think there is a chance that there is a
risk of losing money or being canceled 1 5 4.09 0.87
during your trip during the coronavirus
situation.

From table 17 shows that the perceived risk on average in financial risk was
higher than physical risk on 4.08. The highest mean was on physical risk by people
who believe that wearing masks and washing hands frequently is able to protect from
Covid-19 disease.

The conclusion of the basic information shows that the high number of
respondents are from age 25-40 years old. Nearly half of respondents mostly travel
with friends and then with spouses. In the past one year, more than half of people
have traveled within countries 1-3 times.

The overall trust and trend from social media influencers are in the level of
agreement to reach travel intention. Information search from eWOM and social media
influencers, the result shows the number of eWOM has higher than social media
influencers. The overall attitude in personal experience is at the level of average.
Family slightly has a greater number than friends to intend the travel. Time and
money for travel is not much different in average agreement. The intention of the
respondent is to travel soon within the country. The perceived variables, financial risk
has a greater number of on agreement than physical risk.




5.3 Empirical Result

Table 18:Regression result

Model
Variables OLS1 OLS2
Trust 0.076
(0.927)
Trend 0.005
(0.060)
eWOM -0.014
(-0.210)
SMI_ before 0.023
(0.311)
SMI_Co 0.124 * 0.200***
(1.682) (3.804)
Personal experience -0.017
(-0.263)
Family -0.020
(-0.298)
Friend 0.065
(0.993)
Time 0.074
(0.880)
Money 0.023
(0.278)
Physical 0.314*** 0.355 ***
(5.478) (6.749)
Finance 0.019
(0.335)
Observation 322 322
R squared 0.230 0.213
Adjust R-squared 0.200 0.208

Notice: = indicates p < 0.1 significance level
xx indicates p < 0.05 significance level
x** indicates at p < 0.01 significance level
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The regression result from the table 18 divided into two models. The first
model shows only 2 variables out of 12 variables are significant, which are social
media during the Covid-19 and physical risk from the perceived risk. Physical risk
shows 1 percent significance level and coefficient at 0.314 which is in the highest
number from variables. But the financial risk is not significant. Social media
influencer during the Covid-19 shows significant at level 0.1 and coefficient at 0.124.
Physical risk has strongly related to travel intention in Thailand and second is social
media influence during Covid-19. Family and friends’ option is not significant to the
travel intention. The adjusted R-square of OLS 1 shows 0.20 or 20 percent of two
independent variables can be explained to the dependent variable on travel intention.
The least of variables cannot be explained.

In the regression model number two, run only the variable that is significant
from the model one which are social media influencers during Covid-19 and physical
risk. The significant level of social media influencers shows at the level of 0.001 and
coefficient at 0.355. It means that if the number of variables increases one unit which
the travel intention will increase 0.355 unites. Physical risk shows significance at
level of 0.001 which is the same as model one and coefficient shows at 0.355. The
adjusted R-square of OLS 2 is a little bit higher than the OLS 1 at 0.208 which can
explain the relationship of independent variable to dependent variable only 20.8
percent and 79.2 percent cannot be explained.
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Chapter 6

Conclusion and Policy implication

This part concludes all information from the online survey. From the online
questionnaire it was able to collect 412 respondents but only 322 respondents fit into
this survey. The online survey divided into five parts which were screening question,
general information and travel information, customer decision process, theory of
planned behavior, and perceived risk

First part, the total number of respondents were 412 people, only 322 people
responded by using social media influencers to make a travel plan and intend to travel
within the country soon. Second part, general information and travel information, the
number of respondents of females higher than male, 68 percent and 32 percent,
respectively. The respondent from four generations, generation Y (25-40 years old)
has answered the most in 42.85 percent. The second highest number is 33.85 percent
of generation baby boomers (57-75 years old). There were 63.98 percent still working
and 36.02 percent were not working. During the part one year, most ages 25-40 years
olds travel 1-3 times. The respondents mostly spend time traveling with friends (43.17
percent), spouse (39.75 percent), family (10.25 percent), and travel alone (6.83
percent). According to the search information about travel, mostly people use
Youtube (36.74 percent) and Facebook (36.17 percent).

Third part to fifth part question measurement by Likert scale level 1 to 5
(strongly agree — strongly disagree). It illustrated the strong agreement on using social
media to find the travel place for the next trip. Also, social media influencers are
another way to find the information for the travel plan. People strongly agree that
traveling during a coronavirus pandemic is peaceful because not many people. For
travel decisions, family has a stronger opinion than friends. People tend to spend a
little bit of money worrying about travel more than time. Most of the respondents tend
to intend to travel soon, but some people are concerned about getting vaccines before
they start to travel. Physical risk, the respondent strongly agrees on protecting
themself enough to avoid infecting the disease during the travel. Financial risk, people
think travel during this period is cheaper than the normal situation. On the other hand,
they are also concerned that they could have a chance to lose money from cancelling
the trips.

Sum up the result, social media influencers have an impact on travel intentions
more than friends and family. From the result of regression, there were only two
variables from all variables that have an significance to the travel intention of Thai
people to travel within the country. There are social media influence during Covid-19
and physical risk
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The clear policy implication of this research is social media influencer is
important to the business. Without using the social media tool they are not able to
reach business to the customers During the Covid-19, people are spending more time
on social media. Social media influencers are still an important marketing tool to raise
brand awareness, engage the relationship with customers and so on. It clearly shows
that social media influencer has an effect on customer decisions on travel plans during
the coronavirus pandemic. Choosing the right social media influencer to create the
content that fits the company may help the company. The tourism business needs to
use this marketing tool as a strategy to promote their business such as hotels and
restaurants. For travel content, people tend to look on Youtube and Facebook the most.
This can be the channel to focus, promote and present the content.

In the situation of a coronavirus pandemic, people are concerned mostly on
hygiene and health during the trip. The tourism segment needs to prevent Covid-19
methods, such as in hotels, the employees need to wear a face mark, cleaning every
hour in the public area and preparing the alcohol hand sanitizer in each area. In the
new normal life in Covid-19, there is a social distance and avoid touching.
Technology can build up confidence such as the censor on an elevator without the
push the button to avoid touching. After Covid-19 passed, hygiene and health were
still an important condition in the tourism industry.
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