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(2542)

entity specific name

entity proper name

Grishman, 1998 )
Understanding Conferences MUC-7(1998)
named entity) named entity
1. entity names
2. temporal expression

3. numberexpression %

proper name, named

named

( and Zhou, 2002

MUCs

Christmas day

Message

(identify

'



MUC-7
%

Gaizauskas 12000 )

Demetriou, G. (2000)
3
“ g
2.2 3
(gazetteer)

(pattern

MUC-7

matching)

MUC-7

number expression

number expression

(Chanlekha 12002

(external evidence)

(known name list)



gazetteer

(gazetteer)

capitalization

(abbreviation)

(named entity)
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2 (internal evidence)
(external evidence)
(Zhou and . 2002)

Mr. Mrs.

(internal evidence)
(external evidence)

arrive

(machine
learning)
(corpus)
( Part-of-Speech tagger )



1.
2. (domain)
3.
* (decision
tree)
(Karkaletsis , 2001)
(Isozaki, 2001) Sassano utsuro (2000)
(decision list) Grishman
(1998) ,
1 1
EM-style bootstrapping algorithm Cucerzan Yarowsky (1999)
, maximum entropy model Bender (2003)
, memory-based algorithm Erik F. Tjong
Kim Sang (2002) 1 support vector
Isozaki Kazawa (2002)
winnow algorithm (learning
algorithm)
Charoenpornsawat, P. (1998,1999)

(decision tree) feature



( Part-of-Speech tagger )

( Part-of-Speech tagger)

2.2.2.
(term) (mulltiword)
2
2
2 Y 2
Mutual Information |, Pearson's Chi-square 1 Cubic association ratio

(MI13) 1 Dunning’s Log Likelihood

mutual Expectation

2221
2.2.2.1.1 Mutual Information (Lopes and Silva, 1999)
2 Mutual Information 0
2 1 1{] 2 (2
1 2 (P(w, 2)



Mutual Information (Mi)

MI
Cubic association ratio (MI3)
2.2.2.1.2 O.th]G‘I rajO(MIS) (Lopes and Silva, 1999)
i =logag, BN
WG+l Ty
a bigram 2{ 1- 3
b bigram 1 2 (~ - 3
bigram 1 2{ o a
22213 Pearson’s Chi-square (Lopes and Silva, 1999)
: 2

P ——— =
0 4
0L = &1 =
1 2 2
021 = , SR
2 2
£ 1 2
£1
Chi-square 1

2.2.2.1.4 Dunning’s log likelihood (Lopes and Silva, 1999)



Loglike ( L 2 =2 *(iog I(p1,k1,n1) + log I(p2,k2, 2) - log I(p,k1,n1) - log I(p,k2, 2))

log IPKM) =K * (P) + (M-K) * (L- P

ki bigram t 2=1( 1 2
=f( 3- Kkl

1=1( 2

2=N-nl

pl =kUnl=f( 1 2/1f( 2

p2 = k22 = (f( 3 - fwv 2)/ (N- f(wd)

P- (kI +k2)/N=f( 2N

N
log likelihood ratio -2 chi-square
0.005 (df = 1) 1.88
1 2
2 (candidate)
(training corpus) data sparseness

(test corpus)

14



2.2.22
22221 Mutual Expectation (Dias , 2000)

Mutual Expectation

n-gram (multiword lexical unit)
Mutual Expectation Normalised Expectation (Dias
, 2000)
n-gram Dias (2000)
1 "' Bassano (2000)
gram
n-gram n-gram
[ b Zpww3.piwi..piwn PP SR 1
1
Normalised Expectation Normalised Expectation
Normalised Expectation
n-gram
gram (term)
Normalised Expectation
Normalised Expectation (NE) 3 Linux Operating
System Linux NE 1 3
1 3-gram System
Linux Operating Operating Linux

System Linux Operating System
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Normalised Expectation

X = X Y-y
p(X=x,v-y) xy
p(Y =y) y
n-gram 1
-1 gram

1:(n-I)-grams and missing words.

(n-1)-gram missing word
Pi2 2p B 3--pAwi-—p2w | 1
[1  p3 3-.PL,..Phwn 2
[ PR 2B 3.PsL (Pl (4L..ph 1

[ P2 PB3.pj .. P (]

(9 n-grams a

P(w, a

n-grams

W ALY L LP L +)w0s0 . w,]) = pilwv.pl Lp*wh) _
Ptar AR )P I

a
Fair Point of Expectation (FPE) FPE

C
FPE( 2 2.7 ..pu )

= 1fc* p((W2-P2iW-P2nW ]+ TiP(\-W"PuWi~PuW )

p(w2.pwl.p2wj) i 3
n1 gram ([ 2..p3 ,.p2 J) 1 n-grams



7

p([Wlpl 1p]ij) -1 gram 1
P,
Fair Point of Expectation Normalised Expectation
d

NE([W[puwr pln ]J]) - FP Ei[([v:lerzp Uz‘jv..lF’upllnlWP\]l)]]. ]]])

P ([ 1.P1 1p]er) [ L.pi r.plw)
FPE(wPL 2.-P1 L1-PTw)) C
NE(wl.-P1 ;#-P1 J) d Mutual
Expectation (ME) e
ME(WL.PL 1 pIwj) =P([ 1.P,1L.pIwj) XNE(wl.pl L.plwj) —e
p(wv.pdl.plwj) n-grams ([ L.P4 1.plwj)
NE(fwr .p2 £.plwj) Normalised - Expectation n-grams
([ L1.PL,.PL )
2.2.3 (hybrid)

(candidate)

capitalization

Gallippi (1996)



(template)
Kawtrakul et al., 1997 Chanlekha et
al., 2002
( tag part-of-speech) Chanleka et al., 2002
2.3
3

3,000
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hitp:/lwww arts.chula.ac.th/~lina/wordsea/
(Aroonmanakun, 2002)

(http://www thairath.co.th)

1 25 3 .. 2547 21 .. 2548
11683 3
5,431 3,222 3,030
tag 3
<person> <[person>
<organization> <[organization>
<location> </location>

(native intuition)
<location>
<[location>"

(internal evidence)

5408
5431 99.577% 3140 3222
97.455% 2158 3030
11.221%


http://www.arts.chula.ac.th/~lina/wordsea/
http://www.thairath.co.th

< > < > <
>
>
3
< > 113
< > 113 n
< / >
2
(internal evidence)
(external evidence)
113 n < > <
< >< > < >
"1 <|ocation>
6 113 ,l 1“ ” 1“ ” 1“

20

<[location>

n 1 1] n 1



tintumari aatvurnmifirTi

[AEUI0™
il
2 (training
corpus) (testing corpus)
2.4
(Aroonmanakun,
2002)

5 Mutual Information 1 Pearson’s Chi-
square 1 Cubic association ratio (MI3) 1~ Dunning's Log Likelihood Mutual
Expectation 4

2
2
pseudo bigram
2
Locaimax  algorithm
pseudo bigram Locaimax algorithm 3
Locaimax

algorithm

*riad |1 °



F=(2* *R)/ (P+R)
precision

()= (

recall

1} ” 1 113
evidence)

22

Localmax  algorithm

F
*100)/
*100) /
(candidate)
(internal - evidence)
, 1F " (external
3
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