(candidate)

3.1
Mutual Information ,
Pearson’s Chi-square 1 Cubic association ratio (MI3) Dunning's Log Likelihood
2
2 2
(Lopes 1999)
2 2
(pseudo
bigram) (., 2.1 wo L, A
Mutual Information (MI) log
PY)IPX)P(y) log P(, 2. WP(, 2. JP( +Ll. )
2 3 N
(Lopes 1999) -1

8-gram
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Mutual Information 1
Pearson’s Chi-square 1 Cubic association ratio (MI3) Dunning’s Log Likelihood

. pseudo bigram Mutual Information

e 7 oo

(1. )lg! F )

Avp
AVP =N A X J¥p(w, . )
J pseudo bigram Pearson’s Chi-square
yr=L 10y £l
0, 4
0 = 0,2=
_2 ; 2
02, = 02 -
2 2
£T
£T
07 £U
2 [0 L 2PN (10 ) (2)12
IC)*c )¢ -0 ) 0 -1 2)
1f(wd) = () (2
N =

pseudo bigram

EK 1= avp (N - Av%j\l*(l\{\\-’p/YW)
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Avx = A *£/( !uo’)

1 o« .
Avy - («-1) Ljf( W)

Avp =~~ZY}* £[>( leee Jp(WM... )
' pseudo bigram Cubic association ratio (MI3

MF - Fonga +a§’]'?a;+ c\)

a bigram L2(,- 9

b bigram 1 2(~ -9

C bigram 1 2(,-~12
3=log? 5 I
R e 20 L DT L 2+00 eI 1, 2)

Z

MEB: Iogz(l.) ( ”2) f);% 'I\;—

pseudo bigram

TN
Mi3( L. J =log2 ! Avy*A)VX

AVX = —An e n (leee )

Aw? 1T )'Po(w'-w-)

pseudo bigram Dunning’s log likelihood

Loglike ( 2L 2 =2 *(log I(p1,kL,n) +log I(p2,k2n2) - log I(p,kL,n1) - log I(p,k2,n2))
log IPKM) =K* (P) +(M-K) * (L- P)
kl bigram - Z:f( 1 3
k=f(1-k

1-1( 2



2=N- 1
ol =kUnl =f( 1 3/ fw)

p2 =k2in2 = (f( 3 - (13)( f(9)
o= (k- KN = f( o
N

pseudo bigram
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log

Loglike ( 1.wj =2 * (log I(pfL ki1 ,nfl) + log I(pf2k2nf2) - log I(pf.kf1,nfL) -
I(pFki2nf2)
]6L- (1.3
ki2 =Avx - kil
of = (kL +kE2)N = Avx
nfl =Avy
nf2 = N- nfl
pfl =kfLinfl
pf2 =ki2inf2
3.2 A
n-gram
n-gram
gram Mutual Information , Pearson's Chi-square ,
Cubic association ratio (MI3) Dunning’s Log Likelihood (
n-grams ) Mutual Expectation (
2) n-gram
(candidate) threshold

(candidate)

(candidate) (training corpus)
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(training corpus)

LocalMaxs algorithm n-gram
LocalMaxs algorithm Dias (2000)
(term)
Localmax algorithm
2
L
2
(Sub-group)
(n-1) gram (n+1) gram
assoc
n-gram

0,1 (n-1) gram

0,4 (n+1) gram

sizeof n-gram

Localmax algorithm
Vxefi, 1VyeQ,4,
term
(s1za01v) = 24 askoe(v) > aszos(y)
Localmax algorithm
“Operating  System”
“Operating System Windows” “Operating System"
“Operating  System  Windows'
“Operating System' “Windows'
Localmax algorithm “Operating System”

“Operating System Windows”



28

Localmax algorithm

Mutual Information 1 Pearson’s Chi-square 1 Cubic
association ratio (M3 1 Dunning's Log Likelihood Mutual Expectation

(recognition rate) (recognition time)
FF (Precision)
(Recall)
(recognition  rate)
(recognition time)
33
5
Mutual Information 1 Pearson's Chi-square 1 Cubic association ratio (MI3 1
Dunning's Log Likelihood Mutual - Expectation
Localmax
algorithm
8 2-8
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(recognition

rate) (recognition time) F F
(Precision) (Recall)
P = ( *100)/
R = *100) /
F

=(2*"R)/ (P+R)
(recognition time)

Mutual Information 1 Pearson’s Chi-square 1 Cubic association ratio (MI3 1
Dunning’s Log Likelihood Mutual Expectation Localmax algorithm
(Precision) 1 (Recall) F(
) 2 candidate



Mutual
Information

Pearson’s
Chi-square
Cubic
Association
Ratio
Dunning’s
Log
Likelihood
Mutual
Expectation

8746

5800

7406

3%

698

10%

534999

542241

135421

138974

23210

11683

11683

11683

11683

988

Mutual Expectation

988

(%0

1635

1070

1.007

1001

3.000

(%0

14,861

49,645

63.391

63.306

70.648

(training  corpus)

3200

2,095

1.983

1971

5.756
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c 1)

Mutual Information 1 534999 53499.9
Pearson's Chi-square 1 52241 542241
Cubic Asspuaﬂon ] 501 501
Ratlo
uming'sLog 1 738974 738974
Likelihood '
Mutual Expectation
P 1 23070 086
2
(P Mutual Expectation ( B
5 Mutual Information 1
Pearson’s Chi-square 1 Cubic association ratio (MI3 1 Dunning's Log Likelihood
Mutual Expectation Mutual Expectation
3 Mutual Expectation
recognition time
086 /1 Mutual Information
534999 /1
Mutual Information
3 Mutual Information

Localmax algorithm
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, Mutual Information 1

n-grams

Pearson's Chi-square . Cubic association ratio (MI3

<[location>

1028

Expectation

(Pearson's Chi-square)

<person>  </person>

2
11683

n-grams
Mutual  Expectation

Dunning's Log Likelihood

Mutual Expectation

4
49.645%
o1

60%

<location>

8.799%

Mutual Information

Mutual
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