(Principal Component Analysis) 2

(

(Feature Extraction) (Mean matrix)
(Eigenvector)
(Karhunen Lo éve Transform, K-L Transform) [8][9][10]
(Pattern vector)
(backpropagation) [11][12][13]
(bias)
3

21



21

32x32

32x32

32x32

32x32



2.2

32x32

32x32

2.2



(bi-level)

e ) A0 )
2.3
.6
2.3
32x32 ( 1024x1)
(Eigenvector)
32x32
SO
]X_ M = X‘ (1)
X 32x32 ( 1024 x 1)
mx ( 1024x1)
(Covariance Matrix)
C.i 2 "X X moxm (2)

C X ( 1024 x 1024)
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