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Nonpositive Definite Matrix in Structural
Equation Modeling

Teradech Chai-Aroon

ABSTRACT

In structural equation modeling (SEM) we usually find that our matrix is
nonpositive definite matrix. This is the serious problem because the estimation
procedure s interrupted and the output is incomplete. Matrix is not positive definite
when (1) at least one of all eigenvalues are negative and (2) the determinant of that
matrix are equal to zero. There are four type of matrix in SEM that can be a not
positive definite matrix; input matrix, implied covariance matrix, parameters
matrix and weight matrix . There are serveral reasons to explain why matrix is not
positive definite such as typographical error, missing data, sampling variation and
linear dependency. These reasons can manage before the SEM procedure. However,
researcher may use the inappropriate starting value or wrong specified model and
matrix will be a not positive definite. In this case, I suggest that researcher should
verified the specification, identification and estimation process again.
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Faiufyranisdssinnii nnelinesfedst  avegineuuuyvisndundy (inverse
matrix) 489 Y He9a NN TNy NE NN UL LRSI AT ALAI ALY A5 N UNUB ANV NG L AN
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(specified model) nisnuuaAiluldlfAAetvedluina (identification) TanMens
AMUAIBNNTUTZNN AW TR IUNIZaN IR aldALFAauUTaleANNLERIAINER

a ¢ (9 P ¢ A A e e v o o

waremgll  nsdtarsdannslassainearannanysaiivengRanaslavinnaslTuls
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