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Extraction Module) 4. l1aan15331678n43 (Character Recognition Module) 5. luga
N15uanINaans (Display Result Module) %QTﬁi’fmmié’mﬂﬁﬂszmamamw (Image
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2 82.47 68.22 31.78 56.71 89.86 83.84 53.70 70.96 16.16 7.40
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11 87.40 82.47 41.37 67.95 95.34 88.22 66.30 85.21 13.70 1233
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13 83.56 82.19 38.36 62.19 90.68 84.66 60.82 79.73 20.00 13.42
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preprocessing module) 3. Imaaﬂ’liaffﬂﬂmﬁﬂwmz (feature extraction module) 4. Img]a
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