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The precision of estimating rain intensity heavily depends upon the
completeness of the collected data from radar reflectivity. However, the
collected data for estimating the relationships of Z e - R  (measured reflectivity-
estimated rain intensity) in Thailand encountered a severe problem of having a
large amount of distributed time data with zero values, which is called sparse
data. This problem is more severe than the problem of missing data, where only
some small portions of data are assumed missing. เท our case, not only large
numbers of data are zeros; they are also occurred in a long sequence of time.
This makes the existing imputing technique inappropriate to estimate the
potential value of zero data. A new solution to filling in these sparse data using
the similarity of time domain behaviors with expectation maximization (EM) is
introduced and used prior to the estimation of Z e - R  relation. To increase the
accuracy and reliability of the outcome, determination of "missing” or ”no rain”
condition has successfully been revealed prior to data imputation, so the
experimental results have confirmed that our approach is feasible for this
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