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APPENDICES

this section, we showed the result of randomly chosen several attributes to
develop the measure of disordered proteins affecting to scale-free network, Ms
and the measure of proteins affecting to scale-free network, m & in appendix A and
appendix B respectively. Appendices Aand Beonsist of developing measure in balance
data and imbalance data with their performance (AUC). All of appendices presented
the value of AUC in our measures are higher than those measures generated from
randomly chosen attributes. This implied that our measures, ms and m§ have
more efficient than those measures generated from randomly chosen attributes.

APPENDIX A: The performance (AUC) of ROC curve in the measure of disordered
proteins affecting to scale-free network, msrs with balance data and imbalance data
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The performance (AUC) of ROC curve in balance data with the value of AUC is 0.89 in
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The performance (AUC) of RCC curve in imbalance data with the value of AUC is 0.76
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The performance (AUC) of ROC curve in imbalance data with the value of AUC is 0.84
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The performance (AUC) of RCC curve in imbalance data with the value of AUC is 0.76

inthe AR/ = k1.
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APPENDIX B: The performance (AUC) of ROC curve inthe measure of proteins affecting
to scale-free network,  with balance data and imbalance data
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